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Abstract— The use of (Artificial Intelligence) AI to study employee actions and how it might improve business results is the focus of this article. 
Gaining a deep grasp of the elements that impact employee performance is of utmost importance as firms aim for increas ed efficiency and 
production. The capacity to process massive volumes of data pertaining to employee interactions, performance measurements, an d behavioral 
patterns is made possible by AI-driven technologies, such as machine learning, natural language processing, and predictive analytics. Human 

resource management decision-making can be enhanced with the use of artificial intelligence (AI), according to this study. AI can detect important 
patterns in behavior, forecast results, and offer practical insights. Highlighting AI's function in encouraging a more agile, data-driven strategy 
for talent management, the article delves into the ethical issues, obstacles, and possible effects of AI integration. A more invested, productive, and 
contented workforce is the result of enterprises' use of AI to boost performance at all levels (individual, team, and organizational). The stu dy 

focused on the usage of AI to detect employee behavior for the betterment of organizational performance. The selected indepen dent variables are 
prediction of turnover, personalized development plans, maintaining of work-life balance and predicting employee stress and burn- outs. The 
study is helpful for the industry experts and academia in a sense that the paper provided the insigh ts regarding the proper utilization of AI in 
detecting and influencing employee behavior for better performance . 

 

I. INTRODUCTION  

In the quickly changing business world of today, companies are 
under more and more pressure to maximize performance, boost 
worker output, and cultivate a positive corporate culture. With 
the complexity of today's workplaces making traditional 

management techniques less effective, artificial intelligence 
(AI) has become a potent tool for revolutionizing how 
businesses perceive. AI gives businesses the chance to learn 
more about the behaviors, motivations, and general engagement 
of their workforce by analyzing data, identifying patterns, and 
making predictions. Strategic choices aimed at enhancing 

employee welfare and organizational performance can then be 
influenced by these insights. One of the most important aspects 
of organizational success is comprehending employee behavior. 
The behaviors, attitudes, and interactions of employees 
frequently mirror larger trends that may have an effect on 
retention, job satisfaction, and productivity. Human resource 

management (HRM) has historically evaluated and addressed 
these behaviors through manual observations, surveys, and 
feedback systems. Though they yielded useful data, these 
approaches frequently had biases, errors, and scalability issues. 
Real-time insights are now possible for organizations thanks to 
the development of AI and machine learning algorithms, which 
allow them to analyze enormous volumes of behavioral data, 

including interpersonal communication and performance 
metrics.  

An essential component of organizational success is 
comprehending employee behavior. Employee interactions, 
behaviors, and attitudes frequently reveal larger trends that may 
have an effect on retention, job satisfaction, and productivity. 

In the past, human resource management (HRM) evaluated and 
dealt with these behaviors through manual observations, 
surveys, and feedback systems. Although these techniques 
yielded useful data, they frequently had biases, errors, and 
scalability issues. Organizations can now analyze enormous 

volumes of behavioral data, from performance metrics to 
interpersonal communication, thanks to the development of AI 
and machine learning algorithms. This allows for real-time 
insights and better decision-making. 

Artificial intelligence (AI)-driven solutions like sentiment 
analysis, predictive analytics, and behavioral modeling enable 

businesses to monitor employee performance and comprehend 
the fundamental causes of employee behavior. These 
technologies make it possible to identify patterns—like early 
indicators of employee disengagement, team dynamics, or 
leadership effectiveness—that might be missed by more 
conventional methods. Furthermore, AI can optimize resource 

allocation, improve workplace culture through customized 
strategies, and improve the personalization of employee 
development programs. 

However, there are advantages and disadvantages to using 
AI to analyze employee behavior. Concerns about data privacy, 
algorithmic bias, and ethics must all be managed by 
organizations. AI deployment also necessitates a large 

investment in staff training and technological infrastructure. 
AI-driven employee behavior analysis has enormous potential 
benefits that could help organizations increase productivity, 
creativity, and employee satisfaction in spite of these obstacles. 
Examining the approaches, advantages, and difficulties of this 
technology, this study investigates the use of AI to analyze 

employee behavior in businesses. By using AI to better 
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understand employee behavior, businesses can develop data-
driven strategies that increase employee satisfaction, 
engagement, and productivity, which will ultimately improve 
organizational performance. 

II. LITERATURE REVIEW 

The use of AI in business settings has generated a lot of 

discussion in recent years. AI technologies are revolutionizing 
business processes, decision-making, and innovation. It is 
becoming more and more important for AI to evaluate 
employee behavior in order to optimize organizational 
performance. 

AI and Organizational Performance: 

AI has the potential to improve organizational performance 
through the automation of repetitive tasks, the improvement of 
decision-making, and the analysis of large datasets to produce 
actionable insights (Brynjolfsson and McAfee, 2014). By using 
machine learning algorithms, AI systems can evaluate and 
predict trends in employee data, such as performance metrics, 

engagement levels, and behavioral patterns (Chui, Manyika, & 
Miremadi, 2016). Plans for management may then be informed 
by this data. Companies can use this predictive power to 
improve customer satisfaction, staff productivity, and resource 
allocation, claim Davenport and Ronanki (2018).  

AI in Human Resource Management: 

Artificial intelligence (AI)-powered human resource 
management (HRM) software is rapidly taking the lead in 
making hiring, employee engagement, and performance 
reviews more efficient. AI can help identify individuals with a 
lot of potential by applying to data sources such as resumes, 
social media profiles, and more (Upadhyay & Khandelwal, 

2018). Additionally, AI systems can assess employee morale by 
sorting through social media and feedback. 

Behavioral analytics and Employee Performance: 

The application of AI in behavioral analytics is one of the 
most promising in area relation to employee performance. With 
AI technology, businesses can now gather and analyze vast 

amounts of data to gain a deeper understanding of their workers' 
work habits, decision-making procedures, and interaction 
patterns (Goh, 2019). Huang and Rust (2021) assert that AI can 
identify patterns in employee behavior, which can assist 
companies in identifying areas of poor performance, foreseeing 
burnout, and suggesting ways to increase output. Furthermore, 

managers can use AI solutions to get real-time data that helps 
them make better decisions regarding the composition of their 
teams, the distribution of jobs, and the need for training (Kiron 
et al. in 2017). Despite its enormous potential, integrating 
artificial intelligence (AI) into organizational procedures 
presents challenges. Numerous people continue to worry about 
algorithmic unfairness, data privacy, and the dehumanization of 

workplace interactions, according to O'Neil (2016). Effective 
use of AI systems in corporate environments requires that they 
be transparent, accountable, and devoid of bias (Binns, 2018). 
Prior to any breaches of privacy or trust, significant ethical 
concerns are brought up by the use of artificial intelligence to 
monitor employee behavior (Sorell and Draper, 2016). In 

summary, artificial intelligence (AI) may be great by enhancing 
decision-making and providing valuable insights into employee 
behavior. 

Turnover prediction through AI: 

Predictive models for HR turnover have been constructed 
using AI techniques, especially supervised learning algorithms 

like decision trees, random forests, and neural networks 
(Sallam, 2020). In order to forecast attrition risks, these models 
examine employee-related data, including demographics, work 
history, and performance histories. Machine learning 
algorithms were demonstrated to perform better than 
conventional statistical techniques in a study by Kwoh and Li 

(2019), providing a more accurate turnover forecast by 
combining several variables at once.  

Factors Influencing Turnover Prediction: 

Factors Affecting Turnover Predictions Numerous studies 
have emphasized important factors that AI models take into 
account when forecasting turnover. These consist of work-life 

balance, employee engagement, job satisfaction, and 
organizational culture (De Lange et al. 2008). Additionally, 
external factors like market trends and economic conditions that 
may affect turnover can be taken into account by AI-based 
predictive models (Venkatesh et al. (2020). AI enables 
businesses to take preventative action to keep top talent and 

raise employee engagement by identifying these predictors. AI-
based turnover prediction has issues with bias, data quality, and 
ethical considerations despite the encouraging outcomes. 
Avoiding erroneous predictions requires making sure the data 
used in these models is impartial and accurate (O'Neil, 2016). 
Building trust also requires AI decision-making processes to be 

transparent. 

AI in Personalized Learning and Development: 

Effect on Employee Performance and Engagement AI's 
incorporation into customized development plans has the 
potential to improve employee motivation and engagement. 
Employers can show their dedication to staff development by 

providing individualized learning and development 
opportunities, which has been demonstrated to boost job 
satisfaction and lower turnover (Pfeffer, 2018). Additionally, 
firms can provide more timely and pertinent development 
resources by using AI to help identify skills gaps in real-time, 
which will enhance team and individual performance 

(Davenport and Kirby, 2016). AI-powered work-life balance 
optimization: Organizations looking to improve employee 
productivity, well-being, and satisfaction must prioritize 
achieving an ideal work-life balance. By offering 
individualized solutions, automating tedious tasks, and 
providing real-time insights into employee workload and stress 
levels, artificial intelligence (AI) has become a potent tool in 

promoting work-life balance initiatives. In order to recommend 
changes or interventions for a better work-life balance, AI-
based systems can evaluate employee data, such as working 
hours, task completion rates, and emotional well-being (Lee, 
2018). AI-Powered Work-Life Balance Solutions AI tools like 
machine learning, natural language processing, and predictive 

analytics can be used to forecast and control worker workloads, 
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preventing overwork. AI systems, for instance, are able to 
analyze. 

Research Questions: 

AI's contribution to work-life balance optimization extends 
beyond enhancements to operations. Artificial intelligence (AI) 
tools have been demonstrated to improve employee satisfaction 

by offering customized recommendations based on each 
person's preferences and requirements. According to Davenport 
and Ronanki (2018), AI can suggest customized timetables or 
time management techniques that complement workers' 
personal lives, like prioritizing family occasions or taking 
breaks. Furthermore, by tracking work hours and 

recommending the best times for remote work, AI-driven apps 
can promote a flexible workplace culture and help staff 
members integrate their personal and professional lives (Jain et 
al. in 2019). Utilizing AI to examine employee behavior and 
integrating it to improve organizational performance: Uses of 
AI to analyze employee behavior Integration of AI for 

enhancing organizational performance 

Research Framework: 

A thorough framework that incorporates data collection, 
model development, behavioral analysis, and ethical 

considerations is necessary when integrating Artificial 
Intelligence (AI) to analyze employee behavior for improved 
organizational performance. Collecting data from various 
sources, including surveys, performance metrics, 
communication logs, and collaboration data, is the first step. 
Preprocessing is then done to guarantee accuracy and 

consistency. These data are then analyzed using AI models, 
such as sentiment analysis, behavioral pattern recognition, and 
predictive analytics, which reveal trends, spot possible 
problems, and produce useful insights. Sentiment analysis can 
measure emotional states and assist managers in taking 
proactive measures to address issues, while artificial 

intelligence (AI) can forecast employee disengagement or 
attrition by spotting patterns in performance or communication. 
To enable in-the-moment decision-making and tailored 
interventions, these insights are incorporated into the 
organization's current systems, including HR platforms and 
collaboration tools. However, there are ethical issues with AI 

use, such as the need for transparency, algorithmic bias risk, and 
privacy concerns. Important components of the framework 
include obtaining employee consent, protecting data privacy, 
and routinely auditing AI models to avoid bias. To guarantee its 
efficacy, the system must also be regularly reviewed and 
modified, with frequent employee feedback loops. 

 

 
 

III. METHODOLOGY: 

This study uses a quantitative research methodology to 

investigate how artificial intelligence (AI) can be integrated 
into the analysis of employee behavior and how that behavior 
affects organizational performance. The main goal is to identify 
and comprehend how AI technologies can be used to forecast 
important employee-related outcomes, such as work-life 
balance, stress, burnout, turnover, and the creation of 

individualized development plans. The study's goal is to shed 
light on how AI-powered solutions, specifically in the domains 
of IT and HRM, can improve HRM procedures. A structured 
survey questionnaire was given to 205 workers in the two main 
departments of IT and HRM in order to gather data for the 
study. These staff members had worked for at least a year, so 

they had a strong foundation of expertise and experience to 
offer insightful criticism. In order to address each of the 

independent variables of interest—turnover prediction, 
personalized development plans, maintaining work-life 
balance, and stress and burnout prediction—the survey had 
thirty questions. Six distinct items that were thoughtfully 
designed to collect comprehensive and significant information 
on employee behavior pertaining to these aspects were used to 

evaluate each variable. In order to segment and analyze patterns 
across various variables, demographic information was also 
gathered to comprehend the sample's attributes, such as age, 
gender, and department. 

IV. ANALYSIS AND FINDINGS: 
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The Kaiser-Meyer-Olkin (KMO) test of adequacy for 
individual variance is 0.500 or higher in each case, indicating 
that there is sufficient correlation between the items of each 
variable and certifying the data set's suitability for further 
analysis. Bartlett's sphericity test confirms the correlation 
matrices' significance, with α close to zero. Reliability testing 

is critical in scientific research to determine the consistency of 
measurements. In this study, Cronbach alpha values for all 
constructs are above 0.6, indicating good internal consistency. 
 

Factor Segmentation No. of respondents 

Gender 

Male 138 

Female 67 

Under 30 120 

30-40 55 

41-50 30 

HRM 125 

IT 106 

1-2 years 143 

3-4 years 62 

 

Extraction Method: Principal Component Analysis Source: Field survey, 2024 

Source: Author’s construction based on the spss data  results 

 

Independent Variable 
Dependent 

Variable 
R F Sig. t-test Sig. D Beta 

Workforce Analytics 
Workplace diversity 

Management 
.938a 658.173 .000 

10.356 .000 

1.873 

.560 

Inclusivity 6.076 .000 .276 

Equity 3.571 .000 .151 

 
The result of F-test (table 3) shows that all independent 

variables have joint significant positive impact over the 
Workplace diversity management. The level of significance is 
zero. The D test shows that there is no autocorrelation problem 

Variable Items Factor 
loading 

Q1 
Q2 
Q3 
Q4 
Q5 

Q6 
Q7 
Q8 
Q9 

Q10 
Q11 
Q12 

Q13 
Q14 
Q15 
Q16 
Q17 
Q18 
Q19 
Q20 
Q21 

Q22 
Q23 
Q24 
Q25 
Q26 
Q27 
Q28 
Q29 

Q30 

.751 

.623 

.820 

.798 

.678 

.715 

.751 

.776 

.677 

.821 

.678 

.718 

.727 

.812 

.699 

.741 

.687 

.721 

.825 

.784 

.636 

.711 

.734 

.871 

.786 

.791 

.654 

.821 

.761 

.821 

KMO 
Test of 

Adequacy 
0.877 

Bartlett’s Test Sig. 
of Sphericity 

Cronbach 
Alpha 

TP 268.872 .000 0.896 

PDP 0.776 316.255 .000 0.712 

WLB 0.835 271.697 .000 .628 

PSB 0.861 322.503 .000 0.867 

EOP 0.761 212.503 .000 0.767 
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exists in this analysis. The standard deviations appear to be 
acceptable, indicating that the data is more tightly grouped. 
Testing of the hypotheses was carried out by calculating T-
Statistics for assessing significance. The significance level 
employed for the two-tailed t-test was set at 5%, meaning the 
path coefficient would be considered significant if the T-

Statistics exceeds 1. 96. Each hypothesis shows a noteworthy 
individual effect on the intention of employees to remain . 

Regression model has been drawn by SPSS analysis. The 
significance level for two-tailed t-test was 5% and the path 
coefficient will be significant if the T-Statistics is larger than 
1.96. Here all the hypothesis has accepted and has significant 

positive relationship with dependent variable 

V. CONCLUSION 

This study looks at how artificial intelligence (AI) can be 
used to analyze employee behavior and how that affects 
organizational performance. It does this by using a quantitative 
research methodology. The main goal is to recognize and 

comprehend the ways in which AI technologies can be used to 
forecast important employee-related outcomes, such as staff 
turnover, stress, burnout, work-life balance, and the creation of 
individualized development plans. The goal of the study is to 
shed light on how AI-powered solutions, specifically in the 
domains of IT and HRM, can improve HRM practices. A 

structured survey questionnaire was used to gather data for the 
study, and it was given to 205 workers in the two main 
departments of IT and HRM. With a minimum of one year of 
work experience, these staff members had a strong foundation 
of expertise and experience to offer pertinent feedback. 
Predicting turnover, creating customized development plans, 

maintaining work-life balance, and predicting stress and 
burnout were all covered in the 30 questions that made up the 
survey. Six distinct items were used to evaluate each variable; 
these items were thoughtfully designed to collect 
comprehensive and significant information on employee 
behavior concerning these factors. In order to segment and 

analyze patterns across various variables, demographic 
information was also gathered to comprehend the sample's 
attributes, such as age, gender, and department. 

REFERENCES 

[1]. Almeida, F., Ribeiro, A., & Lima, P. (2020). AI-driven personalized 

development plans: Impact and applications in employee growth . Journal 

of Workplace Learning, 32(4), 225-240. https://doi.org/10.1108/JWL-06-

2020-0132 

[2]. Binns, R. (2018). The ethics of artificial intelligence and robotics. 

Stanford Encyclopedia  of Philosophy. 

https://plato.stanford.edu/entries/ethics-ai/ 

[3]. Brynjolfsson, E., & McAfee, A. (2014). The Second Machine Age: Work, 

Progress, and Prosperity in a Time of Brilliant Technologies. W. W. 

Norton & Company. 

[4]. Cai, W., & Xu, L. (2019). AI-driven stress and burnout prediction in the 

workplace: A machine learning approach. Journal of Organizational 

Behavior, 40(5), 554-572. https://doi.org/10.1002/job.2379 

[5]. Chui, M., Manyika, J., & Miremadi, M. (2016). Where machines could 

replace humans—and where they can’t (yet). McKinsey Quarterly. 

https://www.mckinsey.com/business- functions/mckinsey-analytics/our-

insights/where-machines-could-replace-humans-and-where- they-cant-yet 

[6]. Chung, E., Yoo, M., & Lee, Y. (2020). Predicting burnout through 

machine learning: A data- driven approach to employee well-being. 

Journal of Applied Psychology, 105(2), 224-236. 

https://doi.org/10.1037/apl0000432 

[7]. Collings, D. G., & Mellahi, K. (2009). Strategic talent management: A 

review and research agenda. Human Resource Management Review, 

19(4), 244-255. https://doi.org/10.1016/j.hrmr.2009.01.02 

[8]. Davenport, T. H., & Kirby, J. (2016). Beyond automation: How AI is 

redefining human resource management. MIT Sloan Management 

Review, 57(2), 38-45. https://sloanreview.mit.edu/article/beyond-

automation/ 

[9]. Davenport, T. H., & Ronanki, R. (2018). Artificial intelligence for the real 

world. Harvard Business Review, 96(1), 108-116. 

https://hbr.org/2018/01/artificial-intelligence-for-the-real- world 

[10]. De Lange, A. H., Taris, T. W., Kompier, M. A., Houtman, I. L., & 

Bongers, P. M. (2008). The very best of the millennium: Longitudinal 

research on the consequences of job stress and well- being. Journal of 

Organizational Behavior, 29(3), 268-290. https://doi.org/10.1002/job.520 

[11]. Deloitte. (2019). The future of work: 2020 and beyond. Deloitte Insights. 

https://www2.deloitte.com/global/en/insights/future-of-work.html 

[12]. Goh, C. F. (2019). Harnessing AI to enhance organizational performance: 

A case study approach. Journal of Organizational Behavior, 40(4), 434-

450. 

[13]. Guenole, N., Ferrar, L., & Fein, L. (2017). The role of machine learning 

in predicting HR outcomes. People Analytics, 5(4), 19-25. 

[14]. Huang, M. H., & Rust, R. T. (2021). Artificial intelligence in service. 

Journal of Service Research, 24(3), 338-356. 

https://doi.org/10.1177/1094670520903503 

[15]. Jain, S. (2019). AI and its role in human resource management. 

International Journal of Human Resource Management, 30(6), 1-13. 

[16]. Jain, S., Suri, S., & Singh, A. (2019). AI and the future of work-life 

balance. International Journal of Human Resource Technology, 12(4), 

213-229. https://doi.org/10.1108/IJHRT-12- 2018-0194 

[17]. Jain, S., Suri, S., & Singh, A. (2020). AI in managing employee stress and 

burnout: A study on workplace wellness. International Journal of Human 

Resource Technology, 12(2), 99-113. https://doi.org/10.1108/IJHRT-06-

2020-0045 

[18]. Kaufman, R., & Gable, M. (2019). AI and personalized development: A 

new approach to talent management. Journal of Organizational 

Psychology, 21(2), 140-153. https://doi.org/10.1037/opr0000234 

[19]. Kiron, D., Prentice, P., & Ferguson, R. B. (2017). The innovation blind 

spot. MIT Sloan Management Review, 58(1), 51-60. 

https://sloanreview.mit.edu/article/the-innovation-blind-spot/ 

[20]. Kuhn, M., & Johnson, K. (2013). Applied predictive modeling. Springer 

Science & Business Media. 

[21]. Kwoh, L., & Li, G. (2019). AI and machine learning for predicting 

employee turnover: Insights from corporate studies. Journal of Human 

Resource Management, 27(1), 67-83. https://doi.org/10.1108/JHRM-01-

2018-0132 

[22]. Lee, S. (2018). Artificial intelligence in the workplace: Balancing human 

well-being with productivity. Journal of Business Research, 92(2), 188-

195. https://doi.org/10.1016/j.jbusres.2018.07.026 

[23]. Maslach, C., Schaufeli, W. B., & Leiter, M. P. (2001). Job burnout. 

Annual Review of Psychology, 52, 397-422. 

https://doi.org/10.1146/annurev.psych.52.1.397 

[24]. O'Neil, C. (2016). Weapons of Math Destruction: How Big Data Increases 

Inequality and Threatens Democracy. Crown Publishing. 

[25]. Pfeffer, J. (2018). Dying for a paycheck: How modern management harms 

employee health and company performance—and what we can do about 

it. HarperBusiness. 

[26]. Rao, P., Gupta, R., & Singh, N. (2021). Workplace stress detection and 

burnout prediction through AI-based sentiment analysis. Journal of 

Business Research, 98, 210-218. 

https://doi.org/10.1016/j.jbusres.2019.11.014 

[27]. Sambasivan, M., Bhat, M., & Abdullah, Z. (2020). Exploring AI-based 

interventions for stress and burnout prediction in the workplace. Journal 

of Applied Behavioral Science, 56(3), 298-315. 

https://doi.org/10.1177/0021886320910767 

[28]. Sharma, M., & Gera, S. (2020). Optimizing work-life balance using AI: A 

step toward healthier workplaces. Journal of Organizational Behavior, 

41(6), 531-546. https://doi.org/10.1002/job.2445 

[29]. Singh, A., & Kaur, A. (2021). Leveraging AI for personalized career 

development: A future- ready approach. International Journal of HR 

Technology, 4(1), 42-56. https://doi.org/10.1108/IJHR-12-2020-0201 

https://doi.org/10.1002/job.2379
https://www.mckinsey.com/business-functions/mckinsey-analytics/our-insights/where-machines-could-replace-humans-and-where-they-cant-yet
https://www.mckinsey.com/business-functions/mckinsey-analytics/our-insights/where-machines-could-replace-humans-and-where-they-cant-yet
https://www.mckinsey.com/business-functions/mckinsey-analytics/our-insights/where-machines-could-replace-humans-and-where-they-cant-yet
https://www.mckinsey.com/business-functions/mckinsey-analytics/our-insights/where-machines-could-replace-humans-and-where-they-cant-yet
https://doi.org/10.1037/apl0000432
https://doi.org/10.1016/j.hrmr.2009.01.02
https://sloanreview.mit.edu/article/beyond-automation/
https://sloanreview.mit.edu/article/beyond-automation/
https://hbr.org/2018/01/artificial-intelligence-for-the-real-world
https://doi.org/10.1002/job.520
https://doi.org/10.1108/IJHRT-12-2018-0194
https://doi.org/10.1108/IJHRT-12-2018-0194
https://doi.org/10.1108/IJHRT-06-2020-0045
https://doi.org/10.1108/IJHRT-06-2020-0045
https://doi.org/10.1037/opr0000234
https://doi.org/10.1108/JHRM-01-2018-0132
https://doi.org/10.1108/JHRM-01-2018-0132
https://doi.org/10.1016/j.jbusres.2018.07.026
https://doi.org/10.1146/annurev.psych.52.1.397
https://doi.org/10.1016/j.jbusres.2019.11.014
https://doi.org/10.1177/0021886320910767
https://doi.org/10.1002/job.2445
https://doi.org/10.1108/IJHR-12-2020-0201


International Journal of Scientific Engineering and Science 
Volume 9, Issue 5, pp. 35-40, 2025. ISSN (Online): 2456-7361 

 
 

40 

http://ijses.com/ 
All rights reserved 

[30]. Sorell, T., & Draper, H. (2016). Ethical issues in artificial intelligence. In 

The Cambridge Handbook of Information and Computer Ethics (pp. 337-

350). Cambridge University Press. 

[31]. Upadhyay, A. K., & Khandelwal, P. (2018). Artificial intelligence in 

human resource management: A review. International Journal of 

Management, 9(6), 77-86. 

[32]. Venkatesh, V., Goyal, S., & Poonam, S. (2020). Machine learning in 

human resource management: Predicting employee turnover. 

International Journal of Advanced Research in Management, 14(1), 99-

114. 

 


